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The moment that most accurately captures the state of enterprise information in 2025 isnot a
system failure. It is a silence.

A CPO walks into a quarterly planning meeting and asks: "What features are currently in General
Availability versus beta in version 5.3?" The room shifts. Someone opens a laptop. Someone else
says they will follow up. The CPO moves on. The question — a question that should take seconds
— disappears into an email chain that will produce an answer in three days, by which point the
meeting's decisions have already been made without it.

This is not an isolated failure of process. It is the symptom of a deeper architectural problem that
is about to become the defining challenge of enterprise Al adoption: organisations are deploying
Al tools without first building the knowledge infrastructure that makes those tools trustworthy.

The Information Dilution Problem

In most enterprise organisations, information does not flow — it dilutes. Every layer of
aggregation strips context. Every hand-off introduces bias, delay, and summarisation loss. A P1
incident that a support engineer understands in precise technical detail becomes a "customer
satisfaction issue" by the time it reaches a VP's weekly report. A pricing exception that a CSM
knows intimately becomes invisible in the QBR deck prepared by someone two levels removed.

Researchers call this information asymmetry. In practice, it looks like this:

» Leadership stops asking hard questions because they have learned that hard questions
produce slow, unreliable answetrs.

» Meetings become fact-finding exercises rather than decision-making forums.

e Quarterly planning cycles consume two weeks of analyst time just to assemble a coherent
picture of the present — before a single strategic question is answered.

» Reportsreaching leadership are at least one week old — sometimes three — by the time
they are read.

» The mostdamaging moment in any organisation is when a senior leader asks about an
issue in their portfolio and the manager responsible has no idea it exists.



These are not technology problems. They are information architecture problems. And they are
the exact reason why Al tools — however capable — will fail in enterprise environments that
haven't first solved the underlying context problem.

Why "Just Connect LLMs to Your Tools" Doesn't Work

When organisations first encounter agentic Al the instinct is natural: we already have our data in
Salesforce, ServiceNow, JIRA, and Confluence. Why not connect a model to those systems and
ask it questions?

The answer is not that it won't work. It's that working and being enterprise-ready are entirely
different standards.

Raw data is not intelligence. Connecting a language model to JIRA floods its context with
thousands of tickets — bugs, duplicates, closed items from years ago, noise from cancelled
projects. Connecting to Confluence gives you hundreds of pages of mixed-freshness content,
some current, some three years stale. The model synthesises all of this on the fly, every single
time, with no consistency and no memory of what was relevant yesterday. The result is outputs
that vary unpredictably with the same input — the exact opposite of what enterprise decisions
require.

There is no quality gate. When a CSM uses a tool-connected Al to prepare a QBR brief for a CTO,
there is no mechanism to know whether the output is grounded in verified data or a confident
hallucination. One wrong revenue figure, one misattributed incident, one outdated competitive
claim — and the account relationship is at risk. Recent production data from Datadog shows that
around 1in 20 Al requests already fail silently in enterprise systems — producing outputs that
appear correct while being wrong [1]. That is a 5% silent failure rate. By engineering standards, it
is catastrophic for customer-facing workflows.

Task automation is not a workflow. Generic Al agents can move files, fill forms, and trigger
actions. These are genuinely useful capabilities. But an enterprise-grade workflow — preparing a
QBR brief, generating a Product Requirements Document, building a competitive battlecard —
requires something fundamentally different: a connected, stateful sequence that pulls targeted
knowledge across multiple dimensions simultaneously, evaluates output quality at each stage,
and generates a cited, auditable document. That is not task automation. That is a system — and it
requires a knowledge foundation beneath it.

Token economics break at scale. Every unstructured connector query loads the full data
firehose: JIRA, ServiceNow, Salesforce, Confluence, all at once. That is 10,000-25,000 tokens per
query. Multiply by 20 users across 5 daily queries and you are burning 2 million tokens daily —
for outputs with no quality guarantee. When those outputs fail and users retry, cost multiplies
three to four times. A well-architected agentic system retrieves only what is needed for that role
and that query — typically 1,500-3,000 tokens — and catches failures before the user encounters



them. Deloitte's CFO guidance for 2026 is explicit: unmanaged token dynamics introduce
volatility and margin pressure that finance leaders are not equipped to govern with traditional
cost models [2].

Why a Knowledge Brain Is Not Optional

The most important insight from the last two years of enterprise Al deployment is this: the
failure is almost never the model. It is the context.

Industry researchers are now aligned on this. The discipline emerging around "context
engineering" — curating, structuring, and governing what information reaches the model — is
increasingly recognised as the foundational layer of any enterprise Al system. Gartner's 2026
Hype Cycle for Agentic Al explicitly places context graphs as a critical emerging capability,
noting that agentic Al requires new governance and knowledge models beyond those used for
traditional AI[3]. The 2026 Gartner D&A predictions are unambiguous: "In the near-term,
ungoverned decisions using LLMs will cause financial or reputational loss for enterprises" [4].

The logical conclusion is not a prediction — it is a mathematical certainty. Every enterprise Al
system that must be trusted at scale will converge on a structured knowledge layer. The question
is only when, and whether you build it yourself over 12 to 18 months or deploy one that has
already been built and evaluated.

What does a structured knowledge layer actually require? At minimum:

« Dimensioned structure — not a document dump, but information organised by type,
purpose, and audience. A product's competitive positioning is different information from
its release history, which is different from its compliance posture. Treating them as
equivalent retrieval candidates produces context collapse.

» Role calibration — a CSM asking about a customet's health score needs different
information than a Sales Engineer asking about a technical integration. Retrieval that is not
calibrated to role produces answers that are technically correct but contextually useless.

« Primary home enforcement — in any organisation, the same fact exists in multiple
systems. Renewal dates appear in Salesforce, the CRM, and the customer's Confluence
page. Without a governance layer that designates a single authoritative source per data
type, contradictions propagate into Al outputs.

e A built-in evaluation harness — a mechanism that measures, for every output, whether it
is accurate, hallucination-free, complete, and traceable to source. Without this, enterprise
leaders have no rational basis for trusting AI-generated content in customer-facing
workflows.



This is precisely what CeremonyAlI's Product Brain delivers: a 23-dimension structured
knowledge architecture — spanning strategy, market intelligence, technical architecture,
customer health, commercial data, compliance posture, and operational intelligence —
calibrated for 24 roles across four organisational clusters (Build, Revenue, Control, and
Direction). Every agent in the system retrieves from this Brain with role precision. Every output
is evaluated against four scored criteria: Accuracy, Hallucination-free, Completeness, and
Grounding.

The Five Fears Every CIO Carries Into an Al Meeting

No whitepaper on enterprise Al would be honest if it did not address the fears that govern these
conversations. In C-level Al discussions in 2025 and 2026, the first question is never "will this
work?" It is "is this safe?"

Fear 1: Our data will leak. This fear is well-founded. In the Samsung incident — now a defining
case study in enterprise Al governance — three separate engineers leaked proprietary
semiconductor code and internal meeting transcripts to ChatGPT within 20 days [5]. The
damage was permanent: once data is submitted to a third-party Al system without an enterprise
data agreement, it cannot be retrieved or deleted [6]. Recent analysis found that 22% of files and
4.37% of prompts submitted to Al tools across enterprise environments contain sensitive
information, including source code, M&A documents, and customer records [7].

The architectural answer is containment by design: knowledge that never leaves the enterprise
boundary, prompt pipelines that filter sensitive information before it reaches any external model
API, and retrieval systems that operate on curated, governed data rather than raw system dumps.

Fear 2: Al will take an irreversible action. The fear of an agent deleting a codebase, corrupting a
production database, or triggering an incorrect financial transaction is legitimate. Autonomous
agents that can write, delete, and execute without human checkpoints are not enterprise-ready
by definition. The answer is not to avoid agentic AI — it is to design for read-heavy, write-
guarded workflows in which agents prepare, recommend, and draft, with human confirmation
required for any action that cannot be undone.

Fear 3: We won't be able to control the cost. Token costs that appear negligible at the pilot stage
explode at production scale. Deloitte research shows that nearly half of leaders expect up to three
years before seeing ROI from Al automation — and only 28% of global finance leaders report
clear, measurable value from Al investments today [8]. Cost control requires architectural
discipline: role-targeted retrieval (not full-firehose queries), prompt caching for static context,
model-routing by task complexity, and hard usage governance per role. These are not optional
optimisations — they are prerequisites for CFO sign-off.

Fear 4: We can't govern who uses it and what they can ask. Shadow Al is already a governance
crisis. 67% of Al usage in enterprises occurs through unmanaged personal accounts [9]. 49% of



organisations expect a Shadow Al incident within the next 12 months [10]. The answer is a
governed deployment with role-based access controls tied to the knowledge architecture — so
that a Support Engineer retrieves from the dimensions relevant to support, and a Sales Engineer
retrieves from the dimensions relevant to sales. Governance is not a feature added at the end. It is
baked into the dimensional structure.

Fear 5: We will not be able to prove the ROL. This is the fear that Kkills more Al investments than
any technical failure. Without a measurement framework, Al initiatives produce demonstrations,
not decisions. CeremonyAlI's approach is to make answerability measurable from day one — not
as a marketing claim, but as an evaluated, scored metric across every agent interaction. When
leadership asks whether the system is trustworthy, the answer is a number, not an assertion.

What This Changes

If you accept the argument above — that context is the failure point, and that a structured
knowledge brain is the prerequisite for any enterprise Al system that must be trusted — then the
framing of the Al investment decision changes entirely.

The question is not: "Should we adopt AI?" Every organisation will. The question is not: "Which
LLM should we choose?" The model is the engine, not the vehicle.

The question is: "Are we building on a knowledge foundation that will make our AI outputs
trustworthy at scale?"

For product organisations — where the knowledge that must be trusted spans strategy,
competitive positioning, customer health, technical architecture, release history, compliance
posture, and commetcial data — the answer to that question determines whether Al accelerates
decisions or merely accelerates noise.

CeremonyALl is built specifically for this problem. The Product Brain's 23 dimensions cover the
complete lifecycle of a product organisation's knowledge. The role calibration across 24 roles
across four clusters means that every agent — the QBR Agent, the Feature Brief Agent, the
Battlecard Agent, the Q&A Agent — retrieves with precision rather than flooding context with
everything. The evaluation harness means that every output is measured before it reaches a
human.

The result is not Al that knows more. It is Al that knows the right things, in the right structure, for
the right role — and can prove it.

Where to Go From Here

The organisations that will look back at 2026 as a competitive inflection point are not those that



adopted Al the fastest. They are those that built the knowledge foundation first, and deployed
agents on top of it with confidence.

Gartner projects that 40% of enterprise applications will embed task-specific Al agents by the
end of 2026 — up from less than 5% today [11]. The window for category-defining deployment is
now. The organisations building on structured knowledge brains will be the ones whose Al
actually works.

If you are an enterprise product leader evaluating agentic Al the first question to ask any vendor
isnot "what can your agent do?" — it is "what does your agent know, where does that knowledge
come from, and how do you prove the answer is right?"

Kishor is Co-founder of Thili.ai, the company behind CeremonyAI — an Agentic AI Product
Operating System for enterprise product organisations. CeremonyAI's Product Brain spans 23
structured dimensions calibrated for 24 roles across Build, Revenue, Control, and Direction
clusters. To discuss deploying a knowledge brain in your product organisation, connect on
LinkedIn or visit thili.ai.
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